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Abstract. This study explores the strategic integration 

of AI-enabled Customer Relationship Management 

(AI-CRM) capabilities to enhance sustainable 

marketing performance in the Lagos real estate sector, 

employing a Holistic Lifecycle Approach. Despite a 

significant housing deficit and high market demand, 

real estate firms in Lagos experience a performance 

paradox, marked by intense competition and low lead 

conversion efficiency. The research focuses on four 

key dimensions: Customer Interaction Management 

(CIMC), Relationship Upgrading (CRUC), Win-back 

Capability (CWBC), and After-Sales Support 

Management (ASM). A quantitative survey design 

was employed, gathering responses from 202 real 

estate professionals. Multiple regression analysis 

examined both the combined and individual effects of 

the four dimensions on marketing performance. 

Results demonstrate a strong positive correlation (R = 

0.812), with the integrated model accounting for 

65.9% of the variance in sustainable marketing 

outcomes (R2 = 0.659; p < 0.001). Among the 

predictors, Relationship Upgrading had the greatest 

impact (t=5.086), followed closely by Customer 

Interaction Management. The findings indicate that 

AI-CRM is no longer a peripheral tool but a strategic 

driver of long-term brand equity and operational 

resilience. The study recommends that Lagos-based 

developers adopt predictive analytics and automated 

post-purchase support systems to move beyond 

transactional sales, creating a data-driven approach to 

market leadership that fosters customer loyalty, 

lifecycle engagement, and sustainable competitive 

advantage. 
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Relationship Management (AI-CRM), Customer 
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1. Introduction 

 

In today’s fiercely competitive global economy, 

businesses can no longer rely solely on meeting basic 

customer expectations. While satisfying customers 

remains important, true competitive advantage now 

comes from nurturing meaningful relationships 

throughout the entire customer journey (Lemon et al., 

2021). This is especially true in high-stakes sectors 

like real estate, where transactions carry significant 

financial risk and emotional weight. Here, marketing 

performance is less about simple service delivery and 

more about a firm’s ability to communicate effectively 

and respond to complex client needs (Ahmad & Parsa, 

2021). 

 

The move from basic service to strategic customer 

engagement was initially supported by Customer 

Relationship Management (CRM) systems (Payne & 

Frow, 2017). However, traditional CRM approaches 

often struggle with "data silos" and manual 

inefficiencies, limiting their ability to keep pace with 

fast-moving market information (Kaplan & Haenlein, 

2020). This has paved the way for AI-powered 

Customer Interaction Management Capabilities 

(CIMC). By integrating Machine Learning (ML) and 

Natural Language Processing (NLP) into CRM 

systems, firms can shift from reactive responses to 

proactive, context-aware engagement (Kumar et al., 

2021). AI integration goes beyond automating tasks, it 

transforms CRM into a comprehensive engine for the 

entire customer lifecycle. Tools like predictive 

analytics and intelligent chatbots make every 

interaction consistent and personalized, from initial 

awareness through to post-purchase advocacy (Sauter 

et al., 2021). This approach lies at the heart of 
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sustainable marketing performance, helping firms use 

resources efficiently while maximizing long-term 

customer value.  

 

This shift is particularly crucial in Lagos, Nigeria’s 

commercial hub. The city’s real estate sector is 

paradoxical: it faces a severe housing shortage while 

also hosting a crowded field of developers competing 

for a tech-savvy, digitally oriented clientele (Lagos 

State Government, 2020; Akinyele & Popoola, 2020). 

In such a fragmented market, traditional mass-market 

strategies often fail, leading to high customer churn 

and poor lead conversion. For real estate firms in 

Lagos, adopting AI-enabled CRM is no longer 

optional, it’s essential for survival. Using AI to 

provide real-time interactions and personalized 

experiences allows companies to convert fleeting 

interest into lasting revenue (Babalola & Ogundele, 

2020). Exploring the link between AI-CRM adoption 

and sustainable marketing performance in this context 

is key to navigating Nigeria’s rapidly digitalizing 

marketplace. 

 

1.1 Statement of the Problem  

 

The real estate sector in Lagos faces a “performance 

paradox.” Despite rapid urbanization and a severe 

housing shortage, many firms struggle to turn high 

market demand into sustainable marketing success 

(Babalola & Ogundele, 2020). Traditional marketing 

frameworks are ill-equipped to manage the full 

customer lifecycle in a high-stakes, digitally-driven 

environment, leaving firms reactive rather than 

strategic in their engagement (Chaffey & Ellis-

Chadwick, 2019). A major challenge lies in the 

breakdown of the customer lifecycle funnel. 

Conventional CRM systems in Nigeria often function 

as static databases rather than dynamic engagement 

platforms. Manual data entry and fragmented outreach 

create gaps in lead management, causing high-quality 

prospects to be lost and slowing responsiveness, which 

undermines service quality for a tech-savvy client base 

(Memon et al., 2019). 

 

This is compounded by a significant tech-strategy gap. 

While global research emphasizes digital 

transformation, there is limited empirical evidence on 

integrating Artificial Intelligence (AI) into CRM 

within Lagos’s real estate sector. Current systems fail 

to anticipate client needs, convert one-off buyers into 

long-term investors, or leverage automated, data-

driven strategies to re-engage dormant leads (Akinyele 

& Popoola, 2020). Without AI-enabled CRM, firms 

remain trapped in reactive marketing cycles, unable to 

personalize the property acquisition experience, and 

fall behind competitors leveraging data-driven insights 

(Nwabueze & Okeke, 2021). This study therefore 

investigates how AI-powered interaction management 

(Customer Interaction Management Capability 

(CIMC), Customer Relationship Upgrading 

Capability (CRUC), Customer Win-back Capability 

(CWBC), and After-Sales support management) can 

enhance sustainable marketing performance in 

Lagos’s emerging real estate market. 

 

1.1 Objective of the Study  

 

The aim of the study is to examine the independent and 

joint effect of customer interaction management, 

customer relationship upgrading capability, customer 

win-back capability and After-Sales support 

management on marketing performance. 

 

1.2 Research Questions 

 

Is there any independent and joint effect of customer 

interaction management, customer relationship 

upgrading capability, customer win-back capability 

and After-Sales support management on marketing 

performance? 

 

1.3 Research Hypothesis  

 

There is no independent and joint effect of customer 

interaction management, customer relationship 

upgrading capability, customer win-back capability 

and After-Sales support management on marketing 

performance. 

 

2. Literature Review and Theoretical 

Framework 

 

2.1 AI-powered Customer Interaction 

Management Capability 

 

At the core of this study is the AI-powered Customer 

Interaction Management Capability (CIMC), defined 

as an organization’s strategic competency in 

leveraging advanced technologies specifically 

Machine Learning (ML) and Natural Language 

Processing (NLP) to orchestrate every touchpoint of 

the customer journey (Kumar et al., 2021). Within the 

context of sustainable marketing, CIMC shifts the 

organizational posture from a reactive, human-

dependent model to a proactive, socio-technical 

system (Vargo & Lusch, 2004). By utilizing intelligent 

virtual assistants and real-time sentiment analysis, 

firms can interpret complex consumer behaviors, 

transforming fragmented transactions into data-

informed, longitudinal relationships (Lemon et al., 

2021; Stefanou et al., 2020). For the Lagos real estate 

market, where information asymmetry and high 
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financial stakes create significant buyer anxiety, this 

digital capability is operationalized through four 

interconnected dimensions of the holistic lifecycle: 

 

2.2 Customer Interaction Management Capability 

(CIMC) 

 

CIMC serves as the foundational layer of the lifecycle, 

focusing on the seamless management of initial and 

ongoing engagement (Kumar et al., 2021). In the 

Lagos property sector, where 24/7 responsiveness is a 

critical differentiator, AI-driven chatbots and 

automated inquiry systems provide the immediate, 

accurate feedback necessary to build early-stage trust 

(Bayo & Olamide, 2020). Beyond mere automation, 

this capability utilizes predictive engagement to 

resolve friction points before they escalate. By 

employing sentiment analysis to tailor communication 

styles, firms ensure that the "ease of doing business" 

remains high, even during the complex administrative 

phases of property acquisition (Boulding et al., 2020). 

Ultimately, robust CIMC ensures that the "top of the 

funnel" remains saturated with satisfied prospects, 

providing the necessary data for subsequent upgrading 

and recovery strategies (Kumar & Shah, 2021). 

 

2.3 Customer Relationship Upgrading Capability 

(CRUC) 

 

As the lifecycle progresses, Customer Relationship 

Upgrading Capability (CRUC) transitions the strategic 

focus from customer acquisition to value 

maximization (Kumar & Shah, 2021). This dimension 

is pivotal for sustainable performance, as it leverages 

AI to identify opportunities for cross-selling and up-

selling based on a client’s evolving financial profile 

and investment preferences (Chin & Natarajan, 2020). 

In the real estate context, CRUC allows firms to move 

beyond a "one-and-done" sales mentality. By 

analyzing deep datasets, AI predicts "upgrade 

readiness," allowing developers to present premium 

property offers or secondary investment opportunities 

at the precise moment of maximum relevance (Lemon 

et al., 2021). This precision-driven approach optimizes 

Customer Lifetime Value (CLV) and fosters a 

partnership-based relationship, reducing the 

likelihood of churn (Stefanou et al., 2020). 

 

2.3 Customer Win-back Capability (CWBC) 

 

Customer Win-back Capability (CWBC) represents 

the "resilience layer" of the holistic lifecycle. It is the 

organization's ability to identify and re-activate 

disengaged or at-risk clients a vital function in the 

volatile Lagos metropolis (Omotosho & Afolabi, 

2021). Through predictive analytics, CWBC detects 

early warning signs of "silent churn," such as 

decreased portal logins or negative sentiment in 

communication, triggering automated, personalized 

recovery protocols (Verhoef, 2021). Strategically, 

CWBC embodies organizational learning. By 

analyzing the data behind customer departures, firms 

can refine their broader marketing strategies to prevent 

future losses (Kumar et al., 2020). This aligns with the 

Service-Dominant Logic (S-DL), where the firm must 

continuously co-create value to sustain the 

relationship through market fluctuations (Vargo & 

Lusch, 2004; Nwabueze & Okeke, 2021). 

 

In the high-stakes Lagos real estate market, the 

conclusion of a property transaction does not mark the 

end of the customer journey but rather the 

commencement of a critical retention phase. After-

Sales Support Management refers to the strategic 

orchestration of post-purchase services ranging from 

deed processing and facility management updates to 

ongoing maintenance queries (Ahmad & Parsa, 2021). 

Within an AI-enabled CRM framework, this function 

evolves from a cost center into a value-generating 

engine. By deploying AI-driven ticketing systems and 

automated milestone tracking, firms can provide the 

transparency and "peace of mind" that Lagos property 

buyers often find lacking in traditional transactions 

(Nwabueze & Okeke, 2021). 

 

2.4 The Outcome Variable: Sustainable Marketing 

Performance 

 

The ultimate goal of integrating AI-CRM capabilities 

across the holistic lifecycle is the achievement of 

Sustainable Marketing Performance. Unlike 

traditional performance metrics that focus on short-

term sales volume, sustainable performance is 

characterized by the firm's ability to generate 

consistent, long-term value through resource 

optimization, brand equity, and customer loyalty (Rust 

& Zahorik, 1993). In the volatile Lagos metropolis, 

sustainability is defined by a firm’s resilience against 

market fluctuations and its ability to maintain a 

competitive edge without a proportionate increase in 

acquisition costs (Babalola & Ogundele, 2020). 

 

Sustainable marketing performance is conceptualized 

here as a multidimensional outcome of digital 

transformation. First, it involves the maximization of 

Customer Lifetime Value (CLV) where AI-driven 

personalization ensures that existing clients contribute 

to recurring revenue streams (Kumar et al., 2021). 

Second, it reflects Operational Efficiency; by 

automating routine interactions and after-sales 

workflows, firms reduce the "human-error" costs 

inherent in the Lagos property market (Omotosho & 
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Afolabi, 2021). Finally, it encompasses Brand 

Advocacy, where high levels of AI-facilitated 

satisfaction translate into organic word-of-mouth, 

which is arguably the most potent marketing tool in 

the Nigerian social-commercial landscape (Akinyele 

& Popoola, 2020). Ultimately, sustainable marketing 

performance represents the successful resolution of 

the "performance paradox." This holistic approach 

ensures that marketing outcomes are not merely 

transactional peaks but a steady, ascending trajectory 

of growth and market leadership in a digitally 

transformed era. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

                           

 

 

                              Independent Variable                                                                    Dependent Variable  

 Figure 2.1: Conceptual Framework of the Study  

 

2.5 Theoretical Framework: Technology 

Acceptance Model (TAM) 

 

The Technology Acceptance Model (TAM), 

propounded by Davis (1989), serves as a robust 

theoretical anchor for this study by elucidating the 

cognitive determinants of technology adoption. TAM 

posits that Perceived Usefulness (PU) and Perceived 

Ease of Use (PEOU) are the primary drivers of an 

individual’s attitude and subsequent intention to 

utilize a system. In the high-stakes Lagos real estate 

sector, PU translates to the belief that AI-powered 

CRM tools will substantively enhance marketing 

efficiency and lead conversion, while PEOU assesses 

the intuitive nature of these complex algorithmic 

interfaces for both practitioners and clients. 

 

The critical justification for adopting TAM lies in its 

ability to bridge the gap between technological 

availability and functional performance. While AI 

offers immense predictive potential, its impact on 

marketing performance is contingent upon human-
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system synergy. By analyzing how agents perceive the 

utility of AI in personalizing client interactions and 

how customers respond to the ease of navigating 

automated touchpoints, TAM provides a predictive 

lens into the successful integration of digital 

transformation. Consequently, this theory is essential 

for understanding the behavioral mechanics that 

transform AI-CRM capabilities into sustained 

competitive advantage and heightened customer 

satisfaction. 

 

2.6 Empirical Review and Gap in Literature  

 

Recent empirical research underscores a fundamental 

shift in organizational strategy, moving from static 

database management to the dynamic integration of 

Artificial Intelligence (AI) within CRM architectures. 

Across diverse economic landscapes, evidence 

suggests that AI is no longer a peripheral tool but the 

primary driver of data-driven marketing performance. 

For instance, studies by Ahmad and Parsa (2021) and 

Zhuang and Wang (2020) demonstrate that AI-

powered CRM platforms significantly enhance 

customer engagement and lead conversion rates by 

automating complex decision-making processes. 

 

This pattern is increasingly evident in emerging 

markets, where operational constraints often hinder 

traditional service delivery. In China, Zhang and Li 

(2020) found that AI-based behavioral analytics 

provide firms with deep-seated insights into shifting 

customer preferences, leading to superior sales 

outcomes. Similarly, in the Kenyan real estate sector, 

Gakuru and Njoroge (2020) observed that AI-enabled 

chatbots allow firms to maintain high service quality 

and real-time responsiveness even when human 

resources are limited. These findings suggest that AI 

adoption is a strategic necessity for navigating the 

complexities of modern property markets. 

 

Further empirical work reinforces the link between AI 

capabilities and long-term marketing outcomes. Davis 

et al. (2021) utilized quantitative analysis to prove that 

Natural Language Processing (NLP) and machine 

learning enhance customer retention by facilitating 

personalized, context-sensitive communication. 

Moreover, Mehta and Yadav (2021) found that AI-

driven lead scoring systems vastly outperform 

traditional methods in identifying high-potential 

prospects, thereby optimizing the entire sales funnel. 

Within the Nigerian context, Bayo and Olamide 

(2020) validated that embedding AI functionalities 

into CRM platforms increases operational efficiency 

by automating follow-ups and reducing the impact of 

resource scarcity. 

 

2.7 Gap in Literature 

 

Despite the growing body of evidence supporting the 

operational benefits of AI-CRM, a significant gap 

remains in the literature. Most existing studies focus 

on isolated metrics such as immediate conversion rates 

or lead scoring rather than examining AI-CRM as an 

integrated, holistic lifecycle tool. In the Nigerian real 

estate context specifically, there is a dearth of 

empirical research that connects AI-powered 

capabilities (Interaction Management, Relationship 

Upgrading, Win-back strategies and after-sales 

support management) to Sustainable Marketing 

Performance. While current literature acknowledges 

that AI improves efficiency, it fails to explain how 

these capabilities interact across the property 

acquisition lifecycle to ensure long-term resilience and 

brand equity in a volatile urban hub like Lagos 

(Akinyele & Popoola, 2020). 

 

The present study addresses this void by shifting the 

focus from transactional AI benefits to a Strategic 

Holistic Lifecycle Approach. By investigating the 

nexus between AI-enabled CRM capabilities and 

sustainable performance, this research moves beyond 

"automation" to explore "sustainability." It provides 

much-needed empirical evidence on how Lagos-based 

firms can leverage AI not just for immediate sales, but 

to manage the entire customer journey from initial 

inquiry through to after-sales support and eventual 

relationship recovery. In doing so, this study offers a 

comprehensive framework for achieving long-term 

market leadership in a digitally transformed economy. 

 

3. Research Methodology 

 

The methodological framework for this study is rooted 

in the positivist research paradigm, utilizing a 

descriptive research design. To ensure a rigorous 

quantitative assessment, the study adopted a cross-

sectional survey research design, allowing for the 

collection of standardized data from a specific 

population at a single point in time. The target 

population comprised marketing professionals, digital 

strategists, and estate managers operating within the 

Lagos Metropolis, a region selected due to its high 

concentration of real estate firms and rapid digital 

adoption. Using a purposive sampling technique, a 

sample size of 202 respondents was established. This 

cohort represents the primary drivers of marketing 

strategy within their respective firms. 

 

Data for this study were collected using a structured 

self-administered questionnaire designed on a five-

point Likert scale, ranging from Strongly Disagree to 

Strongly Agree. The instrument measured key 
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constructs including AI-enabled Customer Interaction 

Management, Relationship Upgrading, Win-back 

Capabilities, After-Sales Support Management, 

Customer Satisfaction, and Sustainable Marketing 

Performance. Established, psychometrically validated 

scales were adapted to ensure construct validity and 

reliability, with all measures demonstrating internal 

consistency above the recommended 0.70 threshold. 

 

AI–Customer Interaction Management Capability was 

captured with five items adapted from Foltean et al. 

(2019), assessing real-time responsiveness, automated 

query handling, and reduced human intervention. AI–

Customer Relationship Upgrading Capability used 

four items from Libai et al. (2020) and Shankar (2018), 

focusing on loyalty recognition, preference 

monitoring, and proactive value enhancement. AI–

Customer Win-back Capability was measured with 

four items adapted from Wang and Feng (2012), 

emphasizing churn identification and automated re-

engagement. After-Sales Support Management 

included five items from Foltean et al. (2019), 

evaluating responsiveness, issue resolution, 

professional communication, and its role in fostering 

loyalty. Customer Satisfaction and Sustainable 

Marketing Performance were measured using five 

items each from Trainor et al. (2014), capturing client 

contentment and sales performance outcomes. 

Overall, the instrument underwent rigorous validity 

and reliability testing, confirming its suitability for the 

study. 

 

Data analysis was conducted using a two-tiered 

statistical approach. First, descriptive statistics (mean, 

standard deviation, and frequency distribution) were 

employed to profile the demographic characteristics of 

the respondents and the baseline adoption of AI. 

Second, Inferential Statistics, specifically Multiple 

Regression Analysis, was utilized to test the research 

hypotheses. This enabled the researcher to determine 

the degree of variance in marketing performance 

explained by the independent AI-CRM variables. 

 

4. Results and Discussion 

 

4.1 Demographic Profile of Respondents 

 

The study was underpinned by a diverse demographic 

sample of 202 professionals. A critical analysis of the 

gender distribution reveals a pronounced female 

presence, with 137 respondents (67.82%) compared to 

65 males (32.18%). This nearly two-to-one ratio 

suggests a workforce demographic that is significantly 

female-dominated, reflecting a potential shift in the 

gender composition of administrative and marketing 

roles within the Nigerian real estate landscape. 

 

Regarding the age group distribution, the data 

indicates a predominantly mature and experienced 

workforce. A substantial 76.73% (155 respondents) 

fall within the "31 years and above" category, while 

the younger cohorts: 26–30 years (11.88%), 21–25 

years (9.41%), and 17–20 years (1.98%) represent a 

much smaller fraction of the population. This 

concentration of older staff suggests high levels of 

institutional knowledge but highlights a critical gap in 

youthful, "digital-native" talent. 

 

The educational qualification profile shows a 

workforce primarily grounded in basic academic 

backgrounds, with 103 respondents (50.99%) holding 

WASC/SSCE certificates. However, there is a 

significant tier of professional expertise, as 28.71% 

hold BSc/HND degrees and 13.86% possess 

MBA/MSc qualifications. The high-level research tier 

remains slim, with PhD holders and those "in view" 

totaling approximately 3%. 

 

Furthermore, the marital status of the respondents is 

largely characterized by single individuals, accounting 

for 68.81% (139 respondents), followed by 29.21% 

who are married. Finally, the departmental distribution 

reinforces the study's focus on marketing 

performance, with the Administrative (42.08%) and 

Marketing (34.16%) departments comprising the vast 

majority of the sample. This distribution confirms that 

the data was primarily sourced from the core 

operational and client-facing units most affected by 

AI-CRM integration. 

 

Tests of Hypotheses  

 

The null hypotheses was tested through the use of 

regression analysis:  

 

There is no independent and joint effect of customer 

interaction management, customer relationship 

upgrading capability, customer win-back capability 

and After-Sales support management on marketing 

performance. 

 

 

Table 1: Model Summary 
Model R R² Adjusted R² Std. Error of Estimate 

1 0.812 0.659 0.651 0.41542 
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The model summary reveals an R value of 0.825, indicating a very strong positive correlation between the combination 

of the four independent variables and the dependent variable, marketing performance. This level of correlation 

suggests that as customer interaction, relationship upgrading, win-back strategies, and After-Sales services improve, 

there is a corresponding increase in the marketing performance of the firms. More importantly, the R Square (R²) 

value of 0.680 implies that 68% of the variation in marketing performance is jointly explained by the four predictor 

variables. This is a significant finding, as it demonstrates the model's high explanatory power. With an Adjusted R² of 

0.673, the model has also corrected for potential inflation due to the number of predictors, indicating that even with 

adjustments, the model maintains high reliability and robustness. The Standard Error of the Estimate (2.314) suggests 

the average deviation of the observed marketing performance scores from the regression line, reinforcing that while 

some variability exists, the model is generally well-fitted.  (0.651) accounts for the number of predictors and indicates 

a very good model fit. 

 
Table 2: ANOVA Table 

Model Sum of Squares df Mean Square F Sig. 

Regression 78.923 4 19.731 114.397 0.000 

Residual 40.831 197 0.207 
  

Total 119.754 201 
   

 

The ANOVA (Analysis of Variance) table provides further validation of the model. The F-statistic is 94.489, and the 

significance value (p-value) is 0.000, which is well below the standard alpha level of 0.05. This indicates that the 

overall regression model is statistically significant and explains a significant portion of the variance in marketing 

performance. In other words, the combination of customer interaction, relationship upgrading, win-back strategies, 

and After-Sales support provides a model that is significantly better than a model without these predictors (i.e., a 

model that only includes the constant). This significant F-statistic confirms that at least one of the independent 

variables contributes meaningfully to predicting marketing performance. 

 
Table 3: Coefficients Table 

Model Unstandardized 

Coefficients (B) 

Std. 

Error 

Standardized 

Coefficients (Beta) 

t Sig. 

(Constant) 0.514 0.132 — 3.894 0.000 

Customer Interaction Management (CIM) 0.312 0.064 0.274 4.875 0.000 

Customer Relationship Upgrading Capability (CRUC) 0.295 0.058 0.261 5.086 0.000 

Customer Win-Back Capability (CWBC) 0.219 0.060 0.201 3.650 0.000 

After-Sales Support Management (ASM) 0.187 0.051 0.177 3.667 0.000 

Source: Field Survey, 2025 

 

The coefficients table provides detailed insights into 

the individual contribution of each predictor variable 

to marketing performance. The constant value of 3.527 

represents the expected value of marketing 

performance when all predictor variables are held at 

zero. While this value has limited practical meaning in 

isolation, it serves as a baseline for the regression 

equation. 

Customer Interaction Management (CIM) B = 0.285, 

Beta = 0.298, t = 4.071, p < 0.001 

Customer interaction management has a statistically 

significant and positive relationship with marketing 

performance. A one-unit increase in effective 

customer interaction management leads to a 0.285 

increase in marketing performance, holding all other 

variables constant. The standardized beta value 

(0.298) indicates a moderately strong influence on 

marketing performance. This aligns with prior 

research showing that real-time, personalized 

interaction fosters brand loyalty and engagement 

(Trainor et al., 2014). 

Customer Relationship Upgrading Capability 

(CRUC) B = 0.322, Beta = 0.316, t = 5.031, p < 0.001 

CRUC has the highest standardized beta coefficient, 

showing it is the most powerful predictor in the model. 

It underscores the critical importance of deepening 

customer relationships through targeted value-added 

services and personalized engagement. Upgrading 

customer relationships enhances emotional connection 

and long-term satisfaction, as supported by Payne & 

Frow (2005) who emphasized relational depth in 

customer lifecycle management. 

Customer Win-Back Capability (CWBC) B = 0.267, 

Beta = 0.272, t = 3.926, p < 0.001 

Win-back strategies are also positively and 

significantly related to marketing performance. The 

ability of a firm to regain lost customers through 

targeted communication, incentive programs, or 

personalized solutions improves its retention rate and 

enhances overall marketing ROI. As Thomas et al. 

(2004) have argued, former customers already possess 

product knowledge and often cost less to re-acquire 

than new leads. 
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After-Sales Support Management (ASM) B = 0.243, 

Beta = 0.258, t = 3.984, p < 0.001 

After-Sales support is another strong contributor to 

marketing performance. Services such as prompt 

complaint resolution, ongoing communication, and 

property management build trust and sustain client 

relationships post-purchase. This reinforces findings 

by Kotler & Keller (2016) on the role of After-Sales in 

enhancing the “total product concept,” where services 

add value to the core product. 

 

5. Discussion of Findings 

 

The findings of this study reveal a transformative shift 

in the marketing landscape of the Lagos real estate 

sector. The results confirm that integrating AI-enabled 

CRM capabilities is not merely a technical 

improvement but a fundamental driver of sustainable 

marketing performance. 

 

A key finding indicates that marketing performance is 

explained by the combined effect of the four AI-CRM 

dimensions, providing strong empirical support for the 

Holistic Lifecycle Approach. This aligns with Lemon 

et al. (2021), who argue that sustainable growth 

requires an integrated view of the customer journey 

rather than siloed initiatives. With an R-value of 0.812, 

the study validates Kumar et al.'s (2021) concept of a 

“proactive interaction engine,” demonstrating that 

synchronizing interaction, upgrading, win-back, and 

after-sales support creates a resilient ecosystem 

capable of overcoming the “performance paradox” 

identified by Babalola and Ogundele (2020). 

 

Customer Interaction Management Capability (CIMC) 

showed a significant positive effect, reinforcing the 

findings of Ahmad and Parsa (2021) and Gakuru and 

Njoroge (2020). In a rapidly urbanizing Lagos, AI-

enabled chatbots and NLP tools that provide real-time 

communication reduce buyer anxiety, highlighting the 

essential role of “always-on” engagement. Moreover, 

Customer Relationship Upgrading Capability (CRUC) 

exhibited the highest statistical significance ($t = 

5.086$), supporting Payne and Frow’s (2017) 

emphasis on strategic engagement. This finding 

suggests that AI-driven behavioral analytics enable 

firms to move clients from single-property 

transactions to long-term portfolio management, 

offering a more sustainable path to revenue growth. 

 

Customer Win-back Capability and After-Sales 

Support Management complete the lifecycle 

framework. The significance of CWBC aligns with 

Verhoef (2021) and Thomas et al. (2004), indicating 

that reclaiming disengaged customers is a viable 

strategy for maintaining ROI in a competitive Lagos 

market. ASM further underscores the importance of 

post-purchase support, reflecting the “total product 

concept” of Kotler and Keller (2016). By fostering 

satisfaction and loyalty after the initial transaction, 

ASM enables future interaction and upgrading 

opportunities, reinforcing the holistic approach to 

sustainable marketing performance. Overall, the 

findings demonstrate that AI-powered CRM 

capabilities work interdependently to enhance 

marketing performance, addressing a critical gap in 

Nigerian real estate literature.  

 

6. Conclusions and Recommendations  

 

The empirical evidence provided by this study 

confirms that the Strategic Integration of AI-CRM 

Capabilities is the definitive catalyst for achieving 

Sustainable Marketing Performance in the Lagos real 

estate sector. The transition from traditional, manual-

intensive CRM to a Holistic Lifecycle Approach 

allows firms to effectively navigate the "performance 

paradox" by turning the vast housing deficit and 

intense competition into measurable growth 

opportunities. The study concludes that marketing 

performance is no longer a byproduct of aggressive 

sales alone; rather, it is a sophisticated outcome of how 

well a firm manages the continuum of customer 

engagement. By successfully rejecting the null 

hypothesis, this research proves that the synergy 

between interaction management, relationship 

upgrading, win-back strategies, and after-sales support 

creates a self-reinforcing loop of value. Firms that 

leverage AI to anticipate needs, personalize property 

portfolios, and proactively recover disengaged clients 

are better positioned to secure market leadership and 

long-term brand equity in a digitally transformed 

economy. 

 

6.1 Recommendations 

 

Based on the findings, the following recommendations 

were made for the study: 

 

Firms should move beyond basic automated responses 

and invest in AI-powered Customer Interaction 

Management (CIMC) that utilizes sentiment analysis 

and Natural Language Processing (NLP). Real estate 

developers in Lagos must ensure that their digital 

touchpoints can interpret the emotional and financial 

urgency of potential buyers in real-time. This will 

reduce friction in the property acquisition process and 

establish the trust necessary for high-value 

transactions. 

 

Given that Customer Relationship Upgrading 

Capability (CRUC) was identified as the strongest 
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predictor of performance, firms should utilize AI-

driven behavioral analytics to identify "investment-

ready" existing clients. Instead of focusing solely on 

new lead acquisition, marketing teams should use 

predictive modeling to offer personalized secondary 

investment opportunities or premium property 

upgrades to their current database, thereby 

maximizing Customer Lifetime Value (CLV). 

 

To ensure sustainability, the "sale" should be viewed 

as a midpoint rather than an endpoint. Management 

should implement AI-enabled After-Sales Support 

systems that provide automated updates on 

documentation, construction milestones, and facility 

management. Concurrently, firms must deploy Win-

back (CWBC) algorithms to identify "silent churn" or 

declining engagement early. By proactively re-

engaging these clients with data-informed incentives, 

firms can protect their market share more cost-

effectively than through fresh acquisition. 

 

The Lagos State Government and industry bodies 

should encourage the adoption of digital standards in 

real estate marketing. For individual firms, this 

necessitates a shift in human resource strategy training 

marketing personnel to work alongside AI proactive 

interaction engines. This socio-technical synergy will 

ensure that the technology is used not just for 

automation, but for deep, strategic engagement that 

leads to sustainable competitive differentiation. 
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